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' Action Quality Assessment (AQA) ¥ fine-grained
" objectively ° multimodal

" Kitchenham * Explainable Al (XAI)
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' Human Action Recognition (HAR)
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! external differences ° Discrete Cosine Transformation (DCT)
" internal differences * dense trajectories
" Long Short-Term Memory (LSTM) ¥ pose

¥ Discrete Fourier Transformation (DFT)
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' Back-Propagation ¥ Pairwise-comparison based
" optical flow ® Grading-based

" Regression-based
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' Support Vector Regression (SVR) ¥ ranking loss
" Linear Support Vector Regression (L-SVR) ® Encoder-Decoder TCN (ED-TCN)

" approximate entropy
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' Key Fragment Segmentation (KFS) ® Multi-scale Convolutional Skip LSTM (M-LSTM)
" Score Prediction (SP) * hybrid dynAmic-static Context-aware attenTION NETwork
" Transformer decoder (ACTION-NET)

¥ Tube Self-Attention Network (TSA-Net
* Self-attentive LSTM (S-LSTM) ube Self-Attention Network ( ct)



MLP b oiglg 53 el o Bl [y S50 wigns g SMBT 5 03,5 a5 b S50 TSA Jgile 5 35,8 o ol i
Sty Clled kS bl sln T M S0k e B 55 (V] OLes 5 8L S e i L ol slasla
S Sy 55,5 el Gl aoms "B ausa Jols wyza ol 53 b iy ) LS e Bl | oo wney b S W5 S
L bl s s stalie oo Sy 3 Sl Gl Ly 5505 gl ol ol Sle g S5 58 5 dhni
Weight-Decider (WD) ob « (5 S50 5 e (553 Sl SUSS VAT Ol 5 oLl dise o 5 Cils Cllad 0 S S
OLen 5 Sl sl 5k .5 S 5 e (2+1)D ResNets 5 3D ResNets L 53 s ddzl il gla S5 5 Nad 8 o 510 15
LS o Gl ool 5 ol (i aupn b 5 0o 31 olST a5 p 3o b 5 038 ol oS a4 1) iy 5 [YA]
b oltlons 555t b e 0 2l [NTID ol 3l el L b lS sl S5 .8 o s3led ol
Sl e Skl 4 e S Y s b Sl bl ol 5,8 bl S e Ll U st e oS S e 5 Jile
Sl 53 pats O g S5 lras TS il el LIV ] 55 i o (3550 L2 5 L1 hoold oS 5 auzm b b 5 o
LB b 5 WS pes posshd 5 olems Sl oalital b 5 Ldd (5lo oS o Dot Cllad SO s s 5 Shes
26 el s 5l eddessmess Slagaly 5 (oS ol S 5 L5038 plpmal b ar s e ol sla Shs g e 5550
Sl LLSTM 5 baw 5 3 OLIKE505 plelid @ln wliodir L0 w5 Jodle b 55 DMV ass oS aloes
sl a5 p 5l 57 (g iy GRU &y e bl o gy [TV 0K 5 0w 3 S S 5 1) Sler 5 Jows 5o 15
Sls  Olesan jsb sy Cllad gla S5 5 3l Calisen oS s iz Wl o e a5 Sl oo ol 0 (G i) 3 enlazasl sl
5 Pl S e Shs ol Al b )l e e Shall | e 4 3L sba iled slis ol ol 8 ST Lo 5 4525
2SS g el S e siledde il sk 53 1) e gla Sals GRU s Law s Lol il L33l 0

s o g 1y a3 Sl bl b dde Godad (SAeMBl s 5T 5 e au e w5638 o |y (S S la i

dud&%‘)ﬁ inla& u‘_}‘ﬂﬁﬁ &uw%WMJM 6;y@fpﬁuoé‘h&wjb&wdujgﬂ| b}'}lﬁu G}}s

e S0 ool 5 sl o Sl IVl Oy SO (B me L IVY] 5L 5 0L et (pl 2B g0 2500 50305
wopp w3035 5 (KDE)® gl s 550 5 5 eslinal b a0l . Laisn 35 1SS i b slacslss sl Ul
Ose 50 2 e ol [VF] s Slsa e Lsls (2alS 1 00y (655 50 il a2 S S oS il
3D 05 b5 ity 5o e il U s ol 38 sty 1 st pud 05150 23055 b ol on sbine 155 5 Shes
b oS e plesl | e S5s ulinl (sl laprs iS5l aslinal b 5 03,5 o plime ol 2U sla tony & 5 < Jlad )]
Ll Sl e SKle 4o e =t Jes! Sl ek sas sl b oShme 23055 Pl s Ll g 5 led
Taldate (8l (Las Sy opl IS 53 ez e 3 s | kS (w35 e dalipe b alilie es oo 23055
L dipeend 5 582 oolie ola S & a0 OGl o @ 5 258 g0 ploil Slel & lam S35 oy s (>0 3 )b 5

Sl 5l S b o L3 8 Sl Lol L sdicylie slame S5k Cmsle S [T0] OLKas 5 5 S o s

' adversarial ¥ multi-headed GRU
" adversarial loss ° Kernel Density Estimation (KDE)

" Likert scale ” contrastive
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' Temporal Cycle Consistency (TCC)
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' Gradient Reverse Layer (GRL) " Temporal aggregation
' Attention pooling ¥ Deep Metric Learning (DML)
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' Group-Aware Regression Tree (GART) " sparsity loss

" coarse-to-fine ¥ Pairwise Contrastive Learning Network (PCLN)
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' Temporal Segmentation Attention (TSA) " fine-grained contrastive regression

" procedure-aware cross-attention
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