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Abstract: Humans perceive and understand the surrounding world through their eyes and brains. Computer vision endeavors to equip
computers with the ability to see and process images akin to human vision. Our objective is to develop a model capable of accurately
identifying handwritten digits from their images. This will be achieved through the utilization of Convolutional Neural Network
principles and the MNIST dataset. The primary aim is to grasp and implement Convolutional Neural Network concepts effectively.
While the focus is on creating a model for digit recognition, the potential expansion to letters and individual handwriting is
considered. The outcomes of our experiments exhibit a notable enhancement compared to prior works, with an accuracy of 99.30%,
signifying the success of the proposed method in recognizing handwritten digits in the MNIST dataset.
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Feature Extraction

Classification

C=Covolution, R=ReLu, MP= Max Pooling, FC=Fully Connected, S=Softmax
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# add model layers

model.add (Conv2D (32, kernel_size=5, strides=

(1,2), padding="valid', activation="relu',
input_shape=(28,28,1)))
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