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information gain %4, L ol s 4 cLa

ReliefF (55, b ool Cos & s

Classifier
Algorithm Accuracy  Precision  Recall ~ F_measure Accuracy  Precision  Recall  F_measure
Random Forest 0/9357 0/9129 0/9636 0/9375 079291 0/9096 0/9530 0/9307
MLP 0/9268 0/9062 0/9530 0/9288 0/9176 0/8934 0/9490 0/9201
Bagging 0/9337 0/9119 0/9603 0/9354 0/9289 0/9143 0/9466 0/9301
Gradient Boosting 0/8957 0/8779 0/9196 0/8982 0/8951 0/8976 0/8921 0/8948
Decision Tree 0/8977 0/8893 0/9085 0/8988 0/8923 0/8850 0/9018 0/8933
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information gain %4, L ol s 4 cLa

ReliefF (55, b ool Cows & s

Classifier
Algorithm Accuracy  Precision Recall F_measure  Accuracy Precision Recall F_measure
Random Forest 0/9367 0/9129 0/9656 0/9385 0/9396 0/9203 0/9626 0/9410
MLP 0/9319 0/9065 0/9631 0/9339 0/9291 0/9093 0/9535 0/9308
Bagging 0/9344 0/9131 0/9604 0/9361 0/9369 0/9203 0/9566 0/9381
Gradient Boosting 0/9015 0/8834 0/9253 0/9038 0/9123 0/8971 0/9316 0/9140
Decision Tree 0/9020 0/8928 0/9138 0/9032 0/9038 0/8955 0/9143 0/9048
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information gain %4, L ol s 4 cLa

ReliefF (55, b odel Cows & gl

Classifier
Algorithm Accuracy  Precision  Recall  F_measure Accuracy  Precision  Recall  F_measure
Random Forest 0/9405 0/9214 0/9632 0/9419 0/9418 0/9267 0/9597 0/9429
MLP 0/9332 0/9176 0/9523 0/9344 0/9343 0/9115 0/9622 0/9361
Bagging 0/9383 0/9208 0/9592 0/9396 0/9390 0/9261 0/9543 0/9399
Gradient Boosting 0/9131 0/8976 0/9326 0/9147 0/9156 0/9083 0/9247 0/9164
Decision Tree 0/9052 0/8942 0/9193 0/9065 0/9083 0/9009 0/9176 0/9091
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information gain %4, L ol s 4 cLa

ReliefF (55, b ool Cos & s

Classifier
Algorithm Accuracy  Precision Recall F_measure  Accuracy Precision Recall F_measure
Random Forest 0/9418 0/9225 0/9648 0/9432 0/9429 0/9275 0/9612 0/9440
MLP 0/9374 0/9176 0/9615 0/9389 0/9311 0/9125 0/9542 0/9326
Bagging 0/9365 0/9178 0/9591 0/9379 0/9412 0/9279 0/9570 0/9422
Gradient Boosting 0/9089 0/8959 0/9256 0/9104 0/9186 0/9114 0/9275 0/9193
Decision Tree 0/9050 0/8988 0/9129 0/9057 0/9064 0/9009 0/9134 0/9071

;ﬁjjijZZlfu.J;.»:q@Lﬂ

information gain %4, L ol s 4 cLa
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Classifier
Algorithm Accuracy  Precision  Recall  F_measure Accuracy  Precision  Recall  F_measure
Random Forest 0/9422 0/9230 0/9650 0/9435 0/9430 0/9279 0/9607 0/9440
MLP 0/9375 0/9186 0/9601 0/9388 0/9347 0/9154 0/9582 0/9362
Bagging 0/9383 0/9212 0/9586 0/9395 0/9413 0/9276 0/9572 0/9422
Gradient Boosting 0/9133 0/8989 0/9315 0/9149 0/9229 0/9105 0/9381 0/9241
Decision Tree 0/9065 0/8986 0/9164 0/9074 0/9066 0/8980 0/9176 0/9077
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information gain %4, L ol s 4 cLa

ReliefF (55, b ool Cos & s

Classifier
Algorithm Accuracy  Precision  Recall  F_measure Accuracy  Precision  Recall  F_measure
Random Forest 0/9427 0/9265 0/9617 0/9438 0/9435 0/9271 0/9629 0/9446
MLP 0/9367 0/9142 0/9640 0/9384 0/9339 0/9092 0/9646 0/9360
Bagging 0/9411 0/9253 0/9596 0/9422 0/9411 0/9254 0/9598 0/9422
Gradient Boosting 0/9224 0/9113 0/9360 0/9235 0/9244 0/9136 0/9377 0/9255
Decision Tree 0/9091 0/9012 0/9189 0/9099 0/9068 0/8986 0/9171 0/9077
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information gain %4, L ol s 4 cLa

ReliefF (55, b ool Cows & gl

Classifier
Algorithm Accuracy  Precision  Recall ~ F_measure Accuracy  Precision  Recall — F_measure
Random Forest 0/9442 0/9270 0/9644 0/9453 0/9442 0/9270 0/9644 0/9453
MLP 0/9368 0/9167 0/9612 0/9383 0/9368 0/9167 0/9612 0/9383
Bagging 0/9402 0/9240 0/9594 0/9413 0/9402 0/9240 0/9594 0/9413
Gradient Boosting 0/9239 0/9139 0/9360 0/9248 0/9239 0/9139 0/9360 0/9248
Decision Tree 0/9088 0/8986 0/9218 0/9100 0/9088 0/8986 0/9218 0/9100
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information gain %4, L ol Cows 4 cLa

ReliefF (55, b ool Cows & gl

Classifier
Algorithm Accuracy  Precision Recall F_measure  Accuracy Precision Recall F_measure
Random Forest 0/8994 0/7331 0/5808 0/6470 0/8935 0/6966 0/5373 0/6061
MLP 0/8775 0/6343 0/5628 0/5940 0/8691 0/5849 0/4986 0/5370
Bagging 0/8963 0/7185 0/5791 0/6399 0/8912 0/6819 0/5384 0/6010
Gradient Boosting 0/8990 0/7208 0/5987 0/6532 0/8964 0/7035 0/5563 0/6208
Decision Tree 0/8515 0/5334 0/5590 0/5455 0/8481 0/5024 0/5171 0/5087
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information gain %4, L ol Cows 4 cLa

ReliefF (55, b ool Cows & s

Classifier

Algorithm Accuracy  Precision  Recall ~ F measure Accuracy  Precision  Recall  F_measure
Random Forest 0/9000 0/7293 0/5656 0/6364 0/9028 0/7359 0/5696 0/6416
MLP 0/8691 0/5836 0/5435 0/5619 0/8692 0/5857 0/5298 0/5548
Bagging 0/8984 0/7107 0/5838 0/6404 0/8981 0/7032 0/5796 0/6351
Gradient Boosting 0/8988 0/7104 0/5901 0/6438 0/9028 0/7188 0/6000 0/6536
Decision Tree 0/8610 0/5515 0/5656 0/5581 0/8553 0/5286 0/5414 0/5342
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information gain %4, L ol s 4 cLa

ReliefF (55, b ool Cows & s

Classifier

Algorithm Accuracy  Precision  Recall ~ F measure Accuracy  Precision  Recall  F_measure
Random Forest 0/9019 0/7353 0/5605 0/6355 0/9021 0/7340 0/5661 0/6387
MLP 0/8761 0/6049 0/5512 0/5753 0/8651 0/5605 0/5517 0/5549
Bagging 0/9006 0/7228 0/5674 0/6352 0/8980 0/7043 0/5749 0/6326
Gradient Boosting 0/9031 0/7194 0/6006 0/6540 0/9018 0/7138 0/5976 0/6502
Decision Tree 0/8587 0/5371 0/5484 0/5422 0/8600 0/5413 0/5561 0/5483
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information gain _ 5, b oel Caws 4 7ol ReliefF &g, b ool Cows & suls
Classifier gaIN oo b el o> 4 Faobedel cos 4

Algorithm . -
9 Accuracy  Precision Recall F_measure  Accuracy Precision Recall F_measure

Random Forest 0/9027 0/7411 0/5614 0/6371 0/9036 0/7416 0/5688 0/6428
MLP 0/8766 0/6084 0/5505 0/5746 0/8709 0/5870 0/5399 0/5607
Bagging 0/8992 0/7132 0/5746 0/6350 0/9005 0/7202 0/5754 0/6384
Gradient Boosting 0/9024 0/7224 0/5918 0/6488 0/9015 0/7142 0/5974 0/6502
Decision Tree 0/8608 0/5446 0/5585 0/5509 0/8599 0/5405 0/5682 0/5534
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Classifier information gain s, & sdel s 4 s ReliefF 55, b odl cows 4 gl
Algorithm Accuracy  Precision Recall F_measure  Accuracy Precision Recall F_measure
Random Forest 0/9030 0/7455 0/5447 0/6292 0/9026 0/7432 0/5596 0/6373
MLP 0/8714 0/5858 0/5261 0/5528 0/8716 0/5881 0/5590 0/5717
Bagging 0/9017 0/7204 0/5722 0/6373 0/9021 0/7248 0/5857 0/6471

Gradient Boosting 0/9040 0/7243 0/5904 0/6498 0/9031 0/7241 0/5974 0/6534
Decision Tree 0/8638 0/5488 0/5576 0/5523 0/8582 0/5347 0/5601 0/5468
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Classifior information gain (55, b edel Cows & s ReliefF (55, b ool Cows & gl
Algorithm Accuracy  Precision  Recall  F_measure Accuracy  Precision  Recall  F_measure
Random Forest 0/9040 0/7485 0/5566 0/6377 0/9035 0/7398 0/5641 0/6392
MLP 0/8735 0/5941 0/5414 0/5656 0/8722 0/5841 0/5624 0/5714
Bagging 0/9019 0/7216 0/5797 0/6424 0/9013 0/7153 0/5850 0/6426

Gradient Boosting 0/9035 0/7218 0/5960 0/6524 0/9041 0/7260 0/5934 0/6520
Decision Tree 0/8614 0/5433 0/5656 0/5539 0/8590 0/5347 0/5602 0/5467

L S5 ples b ol Cons 4 ol

information gain _ 5, b oel Caws 4 7ol ReliefF &g, b ool Cows & suls
Classifier gaIN oo b el o> 4 Faobekel cows 4

Algorithm . -
9 Accuracy  Precision Recall F_measure  Accuracy Precision Recall F_measure

Random Forest 0/9042 0/7474 0/5474 0/6313 0/9042 0/7474 0/5474 0/6313
MLP 0/8690 0/5662 0/5566 0/5591 0/8690 0/5662 0/5566 0/5591
Bagging 0/9020 0/7154 0/5780 0/6389 0/9020 0/7154 0/5780 0/6389
Gradient Boosting 0/9047 0/7211 0/5983 0/6532 0/9047 0/7211 0/5983 0/6532
Decision Tree 0/8649 0/5497 0/5630 0/5556 0/8649 0/5497 0/5630 0/5556
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