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Set parameters according the (*) J,.

Popl=get_fuzzy rules
Convert rules to numeric string(low=0,mid=1,high=2)
Pop,test=split_train_test
While (—stop condition)
Evaluate(pop)
rule=sort(pop)
If (len(rule)%2=0)
i=1
n=len(rule)/2
For(i<n)
Point=get_random_point
rulel,rule2=cross_mut(rule[i],rule[i+1])
rule[n+i]=rule[i]
rule[n+i+1]=rule[i+1]
else
i=2
n=len(rule)/2
For(i<n)
Point=get_random_point
rulel,rule2=cross_mut(rule[i],rule[i+1])
rule[n+i]=rule[i]
rule[n+i+1]=rule[i+1]

evaluate(rule)

pop=sort(rule)

eliminate duplicate rules in pop

For each test_data compare with each rule in pop and
calculate accuracy
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