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2. Vehicle Detection
3. Vehicle Type Recognition
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1. Region of Interest
2. Scale-Invariant Feature Transform
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. Canny Edge Detector
. Curvelet Transform
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. Sparse Feature Coding
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1. Discrete Cosine Transform
2. Emblems

3. State of the Art

4, Part-based Methods

5. Human Detection
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1. Histogram of Oriented Gradients (HOG)
2. Support Vector Machine (SVM)
3. One Against All
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