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5. Linear Mixture Model (LMM)

6. Non-Linear Mixture Model (NLMM)
7. Mixed Pixel

8. Endmembers (EMs)

9. Fractional Abundances (FAs)

10. Spectral Unmixing

11. Endmember Extraction

12. Inversion
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1. Remote Sensing

2. Hyperspectral Imaging
3. fingerprint

4. spectral signatures
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3. Evolutionary Computations

4. Genetic Algorithm (GA)

5. Particle Swarm Optimization (PSO)
6. Evolutionary Strategy (ES)

7. Ant Colony Optimization (ACO)
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1. Abundance Non-negativity Constraint (ANC)
2. Abundance Sum-to-one Constraint (ASC)
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5. Non-negative Least Square Error
6. elitist

7. extinction

8. immigration
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1. reproduction

2. crossover

3. mutation

4. GA Multiple Mixture Model (GA-MMM)
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4. Harsanyi—Farrand—Chang (HFC)
5. Least Square Error(LSE)
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1. GA Morphological Independence (GA-MI)
2. Morphological Associative Memories (MAM)
3. GA LSE-based EM Estimation (GA-LSEM)
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3. Genetic Orthogonal Projection-EE (GOP-EE)

4. Improved Automatic Target Generation Process (IATGP)
5. project

6. Orthogonal sub-space
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1. GA Modified Non-negative Matrix Factorization (GA-MNMF)
2. WM-Multi Objective GA (WM-MOGA)
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3. PSO Abundance Estimation (PSO-AE)
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1. particle
2. flown
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1. Adaptive PSO Gaussian Mixture Model (APSO-GMM)
2. Expectation-Maximization
3. PSO Constrained NMF (PSO-CNMF)
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1. Discrete PSO Endmember Extraction (D-PSO-EE)
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6. Minimum Noise Fraction (MNF)
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1. Sum-to-one constrained least square-ACOEE (SGI-ACOEE)
2. Fully constrained least square-ACOEE (FGI-ACOEE)

3. Graphics Processing Units (GPU)

4. Elitist Ant Systems-EE (EAS-EE)

5. Root Mean Square Error (RMSE)
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1. Evolutionary Programming
2. Bee Colony
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